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Chapter 1: Introduction

The Uniform Crime Reports (UCR) isthe most comprehensive and widely used source of crime
statisticsin the United States. Collected by the FBI since 1930, the UCR isavoluntary reporting
program of monthly crime and arrest reports submitted by local law enforcement agencies.
Published annually in Crimein the United Sates (FBI), the UCR isthe nation’s principal source
of information on trendsin crime and arrests.

The first section of each annual UCR report describes crimes reported to the police. Although
these data have been studied extensively over the past 70 years, policy-makers and scholars
continue to debate the accuracy (validity) and reliability of UCR crime statistics.! The only
generous conclusion one can reach about this sizable body of literature is that the UCR is a
fairly good indicator of certain crimes, and should be used with caution to answer certaintypes
of research and policy questions?.

Hundreds of studiesof UCR crime statisticsidentify avariety of reasonswhy crimesreported to
the police may not be an accurate measure of the true amount of crime occurringinthe U.S. For
example, victims may not realize they have been victimized, victims may not report the crimeto
law enforcement, law enforcement may not record the offense or transmit the crimeto the UCR
program, UCR offense categories and recording rules often make it difficult to accurately
categorize acrime, and a substantial number of crimes (such as drug offenses) are not included
in the program. Thus, we know that reported crime represents only a portion of the total crime
committed in the U.S.

To test the accuracy of UCR crime statistics, the Bureau of Justice Statistics, in coordination
with the U.S. Census Bureau, initiated the National Crime Victim Survey (NCV'S) during the
1970s. Inthese surveys, anationally representative sample of housing unitsisrandomly selected
in U.S. cities and residents are asked about their past victimizations. Research comparing the
UCR and NCVS provides crucial information on the extent that the UCR is underreporting
crime and helps usto understand the strengths and limitations of UCR crime statistics. Overall,
UCR statisticsare considered valid indicators of serious crimesas defined by citizens, particularly
for motor vehicle theft, robbery, burglary, and homicide but other crimes, such as rape and
aggravated assault, require careful interpretation.® Thiscaveat iscritical as UCR crimestatistics

1 Kitsuse and Cicourel, 1963; Black, 1970; Black and Reiss, 1970; Siedman and Couzens, 1974;
Clarren and Schwartz, 1976; Hindelang, 1976, 1981; Skogan, 1976; Booth et al., 1977; Nelson, 1979;
Decker, 1980; Gottfredson and Gottfredon, 1980; Cohen and Lichbach, 1982; Decker et al., 1982;
McCleary et al., 1982; Gove et a., 1985; Maltz, 1999; Lott and Whitley, 2003; Maltz and Targonski
2003, 2003; Levitt, 1998.

2Goveet al., 1985.

3 Goveet al., 1985.




have become the foundation for the alocation of billions of dollars of federal and state crime
control money.

Although crimes reported to police is the most well known UCR program, law enforcement
agencies also record monthly statistics on arrest activity for al felony and misdemeanor (non-
traffic) violations. This includes traditional “serious’ Part | crimes (murder, rape, robbery,
aggravated assault, burglary, larceny, motor vehicle theft and arson), aswell asless serious Part
Il offenses (assault, drugs, gambling, prostitution, sex crimes, forgery, fraud, stolen property,
and weapons offenses). While criminologists have spent decades examining the accuracy of
UCR crime statistics, we know very little about the accuracy of UCR arrest statistics. There has
never been alarge-scale, systematic study examining the accuracy of UCR arrest statistics at the
state or national level. This neglect suggeststhat policy-makers and scholars may assumethat an
arrest event is an easily measured activity that is free from the accuracy problems associated
with crime statistics.

Whilearrest statistics get |ess mediaand scholarly attention than crime statistics, they nonetheless
play acritical rolein directing criminal justice decisions. Arrest statistics are used to examine
the race and gender of arrestees, assess police productivity, determine the deterrent effect of law
enforcement strategies, describe the nature of juvenile crime, and measure the effectiveness of
crime control programs.* Unfortunately, researchers nationally have not had accessto asecondary
data source to test the accuracy of UCR arrest statistics (like the National Crime Survey can
validate the UCR crime statistics).

Tofill thisvoid, thisstudy teststhe accuracy of GeorgiaUCR arrest statistics by comparing them
to an independent source of arrest data — Georgia’'s Computerized Criminal History (CCH)
Records. Since the CCH is a compilation of fingerprint-based arrest reports made by local law
enforcement officers, this comparison will allow the Justice Department and the Georgia UCR
Program to determineif UCR arrest statistics provide an accurate indication of local and county
arrest activity. To fully understand differences uncovered between the two measures of arrests,
this study also includes a survey of 384 local law enforcement agencies. This survey gathers
information about UCR administration at the local level. Survey findings provide the
organizational context needed to understand and interpret the UCR-CCH comparisons. This
includes, for example, agency classification and scoring, arrest definitions, staffing, training and
experience, turnover and retention, and technology support. Survey results are integrated into
the analysis to examine whether these factors influence the correlation between the UCR and
CCH counts of arrests. The following pages describe these efforts and discusses the policy
implications for the UCR program.

4 Hindelang, 1978; Rosenthal, 1980; Elliott and Ageton, 1980; Steffensmeier and Cobb 1981,
Steffensmeier, 1982; Steffensmeier, 1983; Huizinga and Elliott, 1987; Steffensmeier et al., 1987,
Steffensmeier et al., 1991.




Chapter 2: Four Trends Shape How We Access, Analyze &
Apply UCR Statistics

The proliferation of UCR statistics in this country during the past ten years has significantly
changed how people access, analyze, and apply UCR statisticsin academic and policy research.
Despitetheresearch caveats, we can no longer rely on astute consumers asthe best way to guard
against misapplication of UCR statistics. There isincreasing potential for consumersto ignore
70 years of research documenting UCR validity and reliability problems.

Data-Driven Resource Allocation

Thereisasignificant trendinthe U.S. of thegrowing reliance on UCR statisticsfor theallocation
of crime control program money. A turning point for UCR consumption occurred in 1994 when
the U.S. Congress reauthorized the 1968 Omnibus Crime Control and Safe StreetsAct of 1968.
As part of the sweeping criminal justice legislation, the 1994 Act appropriated increased funds
for jurisdictions under the Local Law Enforcement Block Grant Program. TheAct dictated that
funding decisions be based on UCR violent crimes over the past three years.® ThisAct represents
thefirst time that the federal government tied funding directly to UCR data.” Since thisAct, the
UCR has grown in importance in funding allocation decisions for several federal programs:
Community Oriented Policing Services (COPS), Project Safe Neighborhoods (PSN), and Weed
and Seed.

UCR statistics are not only used in directing federal block grant awards, but state agencies
responsible for allocating pass-through funds are using UCR statistics to make grant award
decisions, particularly as the competition for scare resources leaves more applicants chasing
fewer funds. In 2002, The Georgia Criminal Justice Coordinating Council supplemented applicant
proposalswith UCR reported crime and arrests statistics to ensure funds went to the applicants
with the greatest need. In Georgiaand the nation, UCR dataare increasingly used to make data-
driven resource alocation decisions.

Internet Access and Dissemination

Prior to the Internet, the FBI and state UCR repositoriesroutinely published annual UCR written
reports (Crime in the United Sates). Easy access to longitudinal agency-level, electronic data
was simply not available unless the researchers and policy-makers had institutional access to
the Inter-University Consortium of Political and Social Research (ICPSR) archives or had the
technological capacity to read mainframe tapes available with a written request to the FBI.

SMaltz et d., 1999.
cMaltz et a., 1999.

"Maltz et al., 1999.




Although detailed national UCR data were freely available to the public, technological
impediments allowed only select UCR consumers to have access to detailed UCR records.

Today, the Internet has made UCR crime statistics available to anyonein theworld at the national,
state, county, and agency levels. The UCR isno longer limited to police chiefs, interested media
outlets, state officials, and academia. The Bureau of Justice Statistics (BJS) hosts a web site
providing detailed crime and arrest records at the agency level (http://www.ojp.usdoj.gov/bjs/
dataonline/). Similarly, in Georgia, the Georgia Crime Information Center (GCIC) hostsasimilar
web site providing historical crime trends for Georgia's 159 counties (www.state.ga.us/gbi/

gbistatL.html).

UCR Commercialization

In recent years, we have witnessed an increase in so called “value added” UCR datafor re-sale
to business customers, such as retail and convenience stores, real estate and insurance companies,
fast-food restaurants, and government agencies. Corporate emphasis on loss-prevention and
negligent security liability has prompted companies to incorporate crime and arrest statistics
into day-to-day business decisionsrelated to customer and employee security, building security,
businessre-locations, new business construction, and insurance premiums. Unfortunately, business
decisions are being made everyday with little or no understanding of the factorsthat shape UCR
statistics. One company markets a web site and on-site software where customers can enter a
street address on-lineto obtain an overall “risk for criminal activity” calculation. At first glance,
it appearsthat the web siteis using street-level crime statisticsto compute therisk for a specific
business or residential location. The purchased report actually states that the estimates reflect
“therisk of crime at your home compared to the national average.” In actuality, the company is
using UCR crime reports along with census track data to build predictive models. Unwitting
customersare completely unawarethat their purchased report is using municipal or county level
crime reports, not neighborhood specific crime statistics. In addition to direct marketing, travel
and leisure publications are routinely publishing quality-of-life city rankings where crime is
often amajor index component. This movement to commercialize UCR data appears to ignore
the need to understand data accuracy.

County and Agency Level Analysis of Crime Trends

With the availability of county and agency level UCR data, error in counting crimes and arrests
is even more pronounced.t Thisis because the FBI imputes (estimates) crime and arrest counts
for many jurisdictionsin order to compensate for missing, incomplete, or inaccurate UCR data.
Many law enforcement agencies do not submit the monthly reports or do not submit reportsin
timeto meet the FBI publication deadline. To create anational crime estimate, however, the FBI
employs statistical procedures to impute the missing data. Imputation allows the FBI to make
national, regional, and state estimates despite missing crime data. Inessence, the FBI imputesa

8 Maltz et al., 1999; Maltz and Targonski 2003.




jurisdiction’s data by using previous reporting months or by using data from contiguous
jurisdictions. Thus, UCR reports seldom reflect coverage of thetotal U.S. population. In Georgia,
for example, the 2002 Crime in the United Sates report shows that only 271 Georgia agencies
submitted arrest statistics, well below the 630 known reporting agencies.




Chapter 3: UCR Arrest Reports

Although crimes reported to police is the most well known UCR program, law enforcement
agencies al so record monthly statistics on arrest activity for all felony and misdemeanor (non-
traffic) violations. This includes traditional “serious’” Part | crimes (murder, rape, robbery,
aggravated assault, burglary, larceny, motor vehicle theft and arson), aswell asless serious Part
Il offenses (assault, drugs, gambling, prostitution, sex crimes, forgery, fraud, stolen property,
and weapons offenses). While criminol ogists have spent decades examining the accuracy of
UCR crime statistics, we know very little about the accuracy of UCR arrest statistics. There has
never been alarge-scale, systematic study examining the accuracy of UCR arrest statistics at the
state or national level. This neglect suggests that policy-makers and scholars may assume that
an arrest event isan easily measured activity that isfree from the accuracy problems associated
with crime statistics. Although UCR arrest countsdo not suffer from as many accuracy issuesas
reported crimes, potential problems do exist.

Agency Under-Reporting

The first problem, at least for national policy-makers and researchers, is the obvious
underreporting of law enforcement agenciesin the annual Crimein the United Satesreport. In
2002 the FBI published Georgia arrest statistics based on only 43% of the total local UCR
reporting agenciesin Georgia. According to GCI C, thisunder representation stemsin large part
to the failure of local agencies to submit a full 12 months of data to the FBI prior to their
publication deadline. Lack of timely reports suggests, at the very least, that local agenciesface
considerable problems in collecting, preparing, scoring, and submitting monthly UCR arrest
reports.

Definitional Ambiguity of Arrest

Another concerniswhether local law enforcement agenciesaredefining “arrest” the same way.
Sherman and Glick (1984) found in asurvey of 169 departmentsthat many agency UCR classifiers
definean offender asarrested if hewasarrested, charged, and booked. Official UCR classification
rules, however, leave room for adifferent interpretation. Under UCR rules, an arrest can occur
evenif thearrest doesnot resultinaformal charge. Police officerscould arrest, detain, interrogate,
and release an arrestee without formally charging or booking the suspect. They could issue
summonses and citationsin lieu of an actual arrest. Depending upon which scenario is defined
as an arrest, Georgia could experience dramatic differences in the counting of arrests across
departments and over time within the same department as policies change.




Classifying Offenses

One historical problem affecting the accurate counting of UCR arrests is the fact that law
enforcement agencies must translate hundreds of unique state law violationsinto one of only 29
offenses as defined for the purpose of UCR arrest reporting. Given the diversity of statutes
across states, agencies rely on different referents when reporting. Consider the several violent
sex crimesin Georgia— rape, aggravated sodomy, and aggravated sexual battery. According to
the UCR rape is “the carnal knowledge of a female forcibly and against her will.” ® Since the
legal definition of carnal knowledge isthe “ penetration of the sexual organ of the female by the
sexual organ of amale”°only Georgia's rape caseswith a femalevictimwould fall intothe UCR
rape category. If the crime involved forced anal, oral or inanimate object penetration (rape,
aggravated sodomy, aggravated sexual battery), or the violent sexual assault of aboy or man, the
arrest should not be classified asarape. In fact, the arrest would not even be classified as a Part
| Arrest, despiteitsseriousand violent nature. Similarly, automobiletheft in Georgiaisaviolation
of the theft-by-taking statute. Under UCR rules, classifiers need to distinguish thefts/larcenies
from automobile theft. Similar problems are found reconciling Georgia statutes and UCR rules
for forgery, fraud, embezzlement, and stolen property.

The Measurement of Events, Not People

UCR arrest statistics measure arrest events and not people. If apersonisarrested threetimesin
one month, these events will be recorded as three different arrest eventsin the UCR. Although
this is an appropriate measure of police activity, the current UCR arrest statistics provide no
insight into the extent to which repeat offendershave on arrest trends. In some eval uation settings,
such adistinction can make animportant differencein assessing program effectiveness. Thereis
no body of literature informing policy-makers asto whether arrest statistics are biased by repeat
offender arrests.

Ignoring Multiple Charges

According to the UCR offense classification rules, only the most serious offense in the arrest
event is classified (seriousness defined by the hierarchy of the 29 UCR arresting offenses). There
is no count of additional charges and how they figure into understanding arrests trends. If a
police officer stops a vehicle for driving-under-the-influence (DUI) and finds marijuanain the
car, the arrest is considered a drug possession case since the drug offense is defined as more
serious. Although a correct application of UCR classification rules, this practice significantly
masksimportant arrest trends. Arrest statistics provide the only known data about the nature and
extent of Part |1 crimes. Therefore, if such crimesare “lost” during the classification process as
aresult of more serious charges, the UCR significantly underreports the prevalence of certain

® Uniform Crime Reporting Handbook, 1984.

0 Black’s Law Dictionary, 5" edition, 1979.




offenses—DUI, drugs, weaponsviolations, and other offenseslikely to accompany “more serious’

crimes.

Demographic Limitations

Although the UCR collectsthe age, gender, race, and ethnic origin of personsarrested, numerous
limitationsexist inthisdata. It isimpossibleto examine arrest activity among specific age, race,
and gender sub-populations, such aswhite males between the ages of 17 and 24. UCR arrest data
islimited to the following subpopulations:. selected single ages and age groups by gender and
adult and juvenile (ages 10-19) arrests by race. Racial comparisons across specific ages and
gender are simply not possible given the current reporting format. Thisis very problematic for
some states, particularly Georgiawhere ajuvenile is considered any youth between the ages of
10 and 17.




Chapter 4: Research Methodology: Revisiting UCR Arrest
Accuracy

If potential problems exist in counting arrests, why is there a paucity of research investigating
the problem? Several reasons account for this historical neglect. First, policymakers assume an
arrest event isan easily measured organizational activity free from biases and errors associated
with UCR crime statistics. Second, researchers do not have access to an independent data
source to determineif UCR statistics are accurate. When UCR crime statistics were questioned
decades ago, the Bureau of Justice Statisticsinitiated the National Crime Victimization Survey
(NCVS). Asking residents about past victimizationsisarelatively unbiased, valid way of counting
crimes. This second data source offered asecond “ opinion” on UCR crime count accuracy. The
NCV S findings were crucial to understanding UCR strengths and limitations. Unfortunately,
researchers do not have accessto an independent source, similar to the NCV S, to validate UCR
arrest counts. To bridge this gap, this project used Georgia's Computerized Criminal History
(CCH) Records. As Georgia's central repository for arrestee fingerprints, CCH is a valuable
secondary data source to validate UCR arrest counts. To date, there is no published cross-
validation study comparing CCH and UCR arrest counts. A cross-validation study can answer
several important questions for the Bureau of Justice Statistics and the Georgia UCR Program.

1. AreUCR arrest counts accurate? If so, does accuracy vary across offenses?

2. What isthe statistical relationship between CCH and UCR arrests counts and how has
that relationship changed over time?

3. What influence does law enforcement agency size, staffing, automation and other
organizational structures have?

Georgia’s UCR Arrest Data

Law enforcement agencies submit UCR arrest formsthat summarizetheir monthly arrests. These
agency-level statisticsincludethe age, sex, race, and ethnic origin of juvenile and adult arrestees
for 29 offensetypes. UCR datafor this study were obtained from the Georgia Crime Information
Center (GCIC). The GCIC collects and verifies UCR submissions after the designated FBI
deadline for submitting UCR data. The GCIC data are complete and do not suffer from
inaccuracies stemming from FBI year-end imputation procedures. To analyze trends over time,
the study examined the 12-year time period of 1990 to 2002. To ensure accurate matching of
arrest counts across the two data systems, the study compare UCR and CCH recordsfor arrests
18 and older.*

10.C.GA. §15-11-83.




Georgia's Computerized Criminal History (CCH) Records

The Georgia computerized criminal history (CCH) records repository is the independent data
source used to validate UCR arrest counts. Georgialaw authorizes GCIC to obtain filefingerprints
for any person whoisarrested or taken into custody for afelony offense or for any offensewhich
isamisdemeanor or aviolation of an ordinance involving burglary tools, commercial gambling,
dealing in gambling devices, contributing to the delinquency of achild, dealingin stolen property,
dangerous drugs, marijuana, narcotics, firearms, dangerous weapons, explosives, pandering,
prostitution, sex offenses involving child victims, and worthless checks (O.C.GA. § 35-3-33
(2)). Today, the GCIC repository contains personal identifiers such as state and FBI number,
social security number, name, arresting agency, race, gender, date-of-birth, and aliases on over
2.2 million arrestees and 8 million arrest episodes.

The state repository is used primarily to support law enforcement criminal history checks.
However, recognizing the value of CCH data, GCIC, CIJCC, and ARS built aresearch version of
Georgia's CCH data. To build a data file comparable to the UCR arrest counts, this project
required accessto, and transfer of , the entire CCH state repository, including al personal identifiers
for persons arrested in Georgia for both felonies and misdemeanors (for offenders who were
fingerprinted) during the period 1980 to 2002.

Offense Scoring and Classification

To compare UCR and CCH data, thefirst stepisto identify the most serious offense among each
CCH arrest episode by applying the UCR offense classification rules. For example, suppose an
arresteeisfingerprinted and charged with burglary, aggravated assault, and theft-by-taking. Under
UCR rules, the aggravated assault is considered the most serious offense for reporting purposes.
The GCIC relies on over 600 separate offense codes covering existing and past Georgia felony
and misdemeanor statutes. There is no official crosswalk table matching the 600 GCIC codes
with the 29 UCR offenses. The challenge of this study wasto ensure a correct legal match of the
GCIC code with the corresponding UCR code. For example, GCIC has 14 homicide codes!?
while the UCR records only two homicide types (murder/non-negligent manslaughter and
manslaughter by negligence). To ensure accurate matching of crimes acrossthetwo data sources,
auniform, consistent standard was applied to all CCH arrest chargesto identify the most serious
offense under UCR classification rules.

Linking UCR to CCH Data

Because UCR arrest statistics consist of monthly counts, itisimpossibleto link CCH arrest and
UCR records at the individual/arrestee level. To compare UCR and CCH records, the CCH was

2 (0.C.GA.§ 40-6-396(a); O.C.G.A.§ 40-6-393(b); O.C.GA.§ 40-6-393(a); O.C.G.A.§ 40-6-393.1;
0.C.GA.§ 52-7-12.3(b); O.C.GA.§ 52-7-12.2(a); O.C.GA.§ 52-7-12.2(b); O.C.GA.§ 52-7-12.3(a);
O.C.GA.§52-7-12.4; O.C.GA.§ 16-5-3; O.C.GA.§ 16-5-1; O.C.GA.§ 16-5-5; O.C.GA.§ 16-5-2;
O.C.GA .§ 16-5-80.

10



aggregated at the agency level to create monthly totals for each CCH arrest using the newly
created most serious offense code as defined under UCR classification rules. Aggregating CCH
records produces a monthly count of persons arrested for each of the 29 UCR offense types for
each law enforcement agency.

Who Gets Fingerprinted?

One concernin comparing UCR and CCH arrest datais CCH accuracy. Doesthe CCH reflect an
accurate count of persons arrested in Georgia? Georgialaw does not require law enforcement to
fingerprint every arrestee. City ordinances and selected misdemeanor arrests do not result in a
fingerprint and GCIC criminal history submission. On the other hand, UCR rules dictate that
agencies count a city ordinance arrest if the violation also constitutes a misdemeanor, such as
disorderly conduct, public drunkenness, liquor laws, and vagrancy. ThisUCR rule posesaproblem
since GCIC does not accept fingerprintsfor all Georgiaarrestees. In such cases, the CCH would
not match the UCR counts. To complicate matters, the statute governing who gets fingerprinted
variesannually. O.C.GA § 35-3-33 (1) (A) (v) authorizesthe GeorgiaAttorney General (AG) to
update offenses for which the GCIC is authorized to collect fingerprints. I ssued annually, these
AG opinions account for newly passed misdemeanor statutes. These opinions result in annual
changesto thelist of crimes requiring arrestee fingerprints.

Despite these concerns, CCH arrests can be counted accurately for most offenses. First, under
Georgialaw, all felons must be fingerprinted so there is no discretion given to law enforcement
infingerprinting felons. Second, since 1996, the A G has added over 35 new misdemeanor offenses.
These additional offenses cover new Georgialawsrelated to traffic, Georgia' sFair Lending Act,
alteration or production of false identification documents, alcohol, tax and revenue violations,
conflict-of-interest, aggressive driving, and game and wildlifeviolations. While significant, these
crimes do not fall into the UCR categories that would adversely impact the ability to compare
the UCR and CCH sources over time, particularly in comparing Part | crimes or serious Part |1
crimes.

11



Chapter 5: Research Findings

The number of arrests measured by the UCR and the number of arrests measured by the CCH
are each captured at multiple points in time — the UCR data is captured as monthly agency
reportswhilethe CCH datais captured daily (as arrest transactions occur). To compare the two
counts, we summarized CCH arrests for each month. In addition, both the monthly UCR and
CCH datawere summarized by year. We selected 17 offenses that can be easily distinguishedin
both the UCR and CCH systems and compared the monthly and annual number of arrestsfor the
twelve-year period from 1990-2001.

Table 1. Annual # of Arrests by Offense (UCR & CCH)

# Arrests # Arrests % # Arrests # Arrest: %

Year UCR CCH Difference Year CR ccH Difference

1990 745 1,085 46% 1990 9629 10,141 5%

1991 719 1,077 50% 1991 8635 10,244  19%

1992 685 1,081 58% 1992 8223 9378  14%

Murder/ 1993 767 964 26% 1993 7,756 8,091 4%
Non-Negligent/ 1994 591 821 39% 1994 6,763 7,128 5%
Negligent 1995 607 7 28% Burglary 1995 708 6,644 2%
Manslaughter 1996 566 753 33% 1996 6,697 6,825 2%
1997 631 619 2% 1997 6532 6505  <-1%

1998 552 566 3% 1998 5847 6297 8%

1999 498 481 -3% 1999 5522 5730 4%

2000 466 543 17% 2000 5169 5786  12%

2001 424 481 13% 2001 4744 5781  22%

1990 1,178 1,034 -12% 1990 41,130 32,698  -21%

1991 996 1,002 1% 1991 36,637 34,635  -6%

1992 1076 879 -18% 1992 36,139 32,092  -11%

1993 796 824 4% 1993 33961 29,615  -13%

1994 651 685 5% 1994 32915 30,043  -9%

Forcible Rape 1995 707 666 6% Larceny/ q95 36104 30427  -16%
1996 653 642 2% Motor Vehicle 1gq5 350955 33042  -11%

1997 699 610 -13% Theft 1997 33033 31,400  -8%

1998 569 542 -5% 1998 29,120 30,115 3%

1999 572 546 -5% 19099 27,444 28,527 4%

2000 480 574 20% 2000 25722 28,295  10%

2001 474 566 19% 2001 24,699 27,651  12%

1990 4166 4161 <% 1990 3286 5004  55%

1991 3,839 4,261 11% 1991 5579 5,921 6%

1992 3646 4095  12% 1992 5420 5331 2%

1993 3639 3709 2% 1993 5684 5116  -10%

1994 3126 3309 6% 1994 5490 5518 1%

Robbery 1995 3216 2,880 -10% Forgery& 1995 5930 5,500 6%
1996 3131 2995 4% Counterfeit o965 231 6.083 1%

1997 3034 2,765 '90% 1997 5698 6,473 14%

1998 2,557 2,604 20/0 1998 6,044 6,504 8%

2000 a0 e o 1999 5465 6009  12%

2001 oam 2638 % 2000 5146 6,644 29%

: ' 2001 5661 7,292 29%

1990 13,863 9,332 -33% 1900 15834 24,119  52%

1991 11,960 9,798  -18% 1991 15413 24,609  60%

1992 13,710 9459  -31% 1992 16,439 22,166  35%

1993 13630 9,043  -34% 1993 14,791 19,676  33%
Aggravated 1994 12,142 8,922 -27% 1994 15,607 21,137 35%
Assault 1995 13,709 8,728  -36% Fraud 1995 15984 22,318  40%
1996 12456 9,289  -25% 1996 16,353 23362  43%

1997 12,994 9538 2% 1997 16,916 24,682  46%

1998 11,718 8979  -23% 1998 15,846 21566  36%

1999 10,490 8373  -20% 1999 15546 20,004  29%

2000 10,670 8,672 -19% 2000 13,645 19,617  44%

2001 10,025 8,232 -18% 2001 14,397 18486  28%
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Weapons --
Carrying or
Possessing

Prostitution &
Commercial
Vice

Sex Offenses
(except
forcible rape
& prostitution)

Drug poss./
Sales/Manu-
facturing
(Grand Total)

Gambling

Offenses

Against
Family &
Children

Table 1. Annual # of Arrests by Offense (UCR & CCH)

# Arrests # Arrests

(Table 1 Continued)

%

Year UCR ccH Difference

1990 4,583 5,195 13%
1991 5,547 5,490 -1%
1992 6,456 5,638 -13
1993 7,332 6,646 -9%
1994 6,152 6,153 0%
1995 5,739 5,464 -5%
1996 4,996 5,498 10%
1997 5,469 5,858 %
1998 4,968 5,813 17%
1999 4,297 4,742 10%
2000 3,887 4,679 20%
2001 3,941 4,962 26%
1990 1,321 607 -54%
1991 1,529 1,162 -24%
1992 1,877 717 -62%
1993 1,688 766 -55%
1994 1,634 680 -58%
1995 2,136 798 -63%
1996 1,342 645 -52%
1997 3,431 1,014 -70%
1998 2,426 1,050 -57%
1999 2,535 1,404 -45%
2000 3,637 1,157 -68%
2001 2,373 1,155 -51%
1990 2,690 1,788 -34%
1991 2,966 2,020 -32%
1992 3,375 1,259 -63%
1993 3,557 1,377 -61%
1994 3,048 1,398 -54%
1995 3,018 1,330 -56%
1996 2,854 1,647 -42%
1997 3,314 1,991 -40%
1998 3,082 1,984 -36%
1999 3,425 1,753 -49%
2000 3,111 1,928 -38%
2001 3,304 1,879 -43%
1990 35200 30,969 -12%
1991 28,266 30,821 9%

1992 29,676 30,422 3%

1993 29,886 29,043 3%

1994 29,713 30,556 3%

1995 33,570 33,474 <-1%
1996 23,732 35979  10%

1997 37,975 39,157 3%

1998 40,570 42,367 4%

1999 39,164 41,702 %

2000 36,978 44,556  21%

2001 34,851 43,693  25%

1990 653 450 -31%
1991 632 353 -44%
1992 766 462 -40%
1993 832 430 -48%
1994 524 296 -44%
1995 397 291 27%
1996 323 334 3%

1997 422 213 -50%
1998 516 281 -46%
1999 251 207 -18%
2000 386 261 -32%
2001 653 225 -66%
1990 1,822 3,179 75%
1991 3,442 3,424 -1%
1992 3,832 3,269 -15%
1993 4,837 3,170 -35%
1994 4,391 3,132 -29%
1995 5272 3,177 -40%
1996 5,583 3,147 -44%
1997 4,131 2,783 -33%
1998 4,811 2,893 -40%
1999 4,902 2,765 -44%
2000 4,444 2,689 -40%
2001 4,551 2,722 -40%

DU

Liquor Laws

Disorderly
Conduct

# Arrests # Arrests %

Year UCR CccH Difference
1990 70,213 60,822 -13%
1991 58,862 59,574 1%
1992 61,126 60,286 -1%
1993 56,416 54,093 -4%
1994 52,198 50,977 -2%
1995 45592 41,754 -8%
1996 43,479 40,498 -7%
1997 42,476 42,504 <+1%
1998 41,859 42,364 1%
1999 41,225 39,742 -4%
2000 36,386 39,502 9%
2001 36,252 41,026 13%
1990 7,611 3,436 -55%
1991 10,778 3,425 -68%
1992 11,579 3,026 -74%
1993 11,109 2,816 -75%
1994 8,873 2,800 -68%
1995 8,398 2,861 -66%
1996 7,827 2,698 -66%
1997 9,266 3,636 -61%
1998 10,226 4,207 -59%
1999 9,666 4,254 -56%
2000 10,688 4,463 -58%
2001 9,905 4,559 -54%
1990 23,125 1,321 -94%
1991 29,212 1,317 -96%
1992 31,060 2,978 -90%
1993 29,681 3,292 -89%
1994 25,744 3,151 -88%
1995 26,646 6,270 -T7%
1996 23,394 8,033 -66%
1997 25,060 8,465 -66%
1998 23,783 10,139 -57%
1999 22,743 10,696 -53%
2000 20,810 11,305 -46%
2001 19,667 11,706 -41%
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Asshown in Table 1, the number of arrests per year for the state of Georgiais different across
the two measures. The dataindicates both significant differences acrossthe measures aswell as
widevariation over time. For example, there appears to be some congruence for murder between
1997 and 1999, although significant disparities are found between 2000 and 2001. Interestingly,
the exact same pattern emerges for rape, robbery, burglary, larceny, forgery, and DUI. Late
submissions of UCR reports by law enforcement agencies, as well as noncompliance, could
account for UCR undercounting of arrests. Yet several facts suggest otherwise. First, although
2002 and 2003 UCR data were available at the time of this study, the 2001 reporting year was
set asthe cut-off to allow an 18-month period for agenciesto submit late UCR reports. Secondly,
widedisparitiesare observed asfar back intimeas 1990 to 1995, yearsfor which late submission
would no longer be an issue at the time of this study.

While the actual number of arrests differs across the two measures, the trends over the past
twelveyearsaresimilar (see Table 1, Figures 1-10). While thereisno consistency over time and
offense asto which measureishigher, it would appear that in recent years the number of arrests
in the CCH is higher across all offenses.

Figure 1. Murder Arrests Per Year
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Figure 2. Forcible Rape Arrests Per Year
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Figure 7. Fraud Arrests Per Year
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Figure 8. Weapons Arrests Per Year (Carrying or Possessing)
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Figure 9. Drug Arrests Per Year (Possession/Sales/Manufacturing)

50,000

CCH _ o #~ ~ « . 12% (1997-2001)

senane
40,000 2
-8% (1997-2001)
30,000
20,000 |-
10,000 |-
! ! ! ! ! ! ! ! ! ! |

0
1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001

Figure 10. DUI Arrests Per Year
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The patterns noted for drug arrestsraise significant questions. The UCR reports an upward trend
in drug arrests until 1997, when drug arrests dropped 8%. CCH arrests parallel the UCR arrest
trendsuntil 1997. However, since 1997 CCH arrests haveincreased 12%. Thisdisparity questions
the accuracy of the “drop” in drug arrests as reported by the FBI.

Statistical Correlation

Since both the number of arrests measured by the UCR and the number of arrests measured by
the CCH are longitudinal (measured repeatedly over time), we utilize time series analytical
techniquesto assesstheir relationship. A cross-correl ation function is computed for each offense.
This statistic showsthe correl ation between the two different measures at the same point in time.
If the two data sources both reflect the number of arrestsin amonth or year, then they will have
ahigh correlation for the same time period. For example, we have the same volume of homicide
arrests for January 2000 in both the UCR and CCH. However, the two counts of arrests may
actually be correlated at previous or subsequent time periods. For example, the number of UCR
arrests per month for the state of Georgiamay actually be statistically correlated with the number
of arrests for the previous month as captured by the CCH. What transpires in the field may be
delayed by paperwork processing even though agencies should still be reporting arrests for the
month arrested.

Since both the UCR and CCH data have a distinct trend (declining for most offenses over the
past twelve years), the data must be “de-trended” or differenced prior to calculating the cross-
correlation function.®® This allows for the examination of statistical relationships acrossthe two
measures of arrests apart from any complication of changesin the level or trend of arrests. The
cross-correlation analysis indicates that the two measures of arrests are most highly related for
the sametime period. The correlations are presented in Table 2 for monthly dataand yearly data.

Table 2. Cross Correlation Functions (CCF)* Between UCR & CCH
Arrests For Same Time Period

Monthly Data  Yearly Data

Arrests for 17 Offenses Correlations Correlations
Murder/Non-Negligent/Negligent Manslaughter 62 .59
Forcible Rape .53 .57
Robbery .37 .87
Aggravated Assault 43 .81
Burglary .39 .87
Larceny/Motor Vehicle Theft .35 .89
Forgery & Counterfeit 42 .89
Fraud .48 .90
Weapons -- Carrying or Possessing 48 88
Prostitution & Commercialized Vice 29 51
Sex Offenses (Except Rape & Prostitution) 50 64
Drugs .59 .93
Gambling .36 .63
Offenses Against Family & Children 31 .89
DUI .66 .89
Liquor Laws 44 .85
Disorderly Conduct 21 77

*Both series are serially differenced; CCF presented for stationary series at lag 0.

BMcCleary & Hay, 1980; O'Brien, 1990
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If the two measures captured the same volume of arrests, the correlations would be near 1.0.
Instead, they rangefrom 0.2 to 0.6 comparing monthly countsand range from 0.5 to 0.9 comparing
annual counts. Asexpected, the correl ations across al offenses are much stronger when comparing
annual data as opposed to monthly data (even if monthly UCR reports are submitted with delay,
the annual summary isreflective of reality). The highest correlation across the two measuresis
found for drug arrests.

What Can Explain the Differences?

Although UCR and CCH data measure the same thing theoretically, the trends (visual) and
correlations (statistical) indicate some clear differences. For selected offensesthe correlationis
modest at best (murder, rape, sex offenses, prostitution). Three reasons could be accounting for
low correlations between these data sources.

UCR-CCH disparities could be attributabl e to different definitions of arrest. The CCH systemis
only activated if someone is booked and charged in the local jail. UCR, however, has a much
broader definition, including all persons processed by arrest, citation, or summons.*4

While thisis an important distinction, it cannot explain the observed differences. As shown in
Figures 1-10, the UCR indicates fewer arrests occurred than CCH. Thisfinding is inconsistent
with abroader UCR arrest definition, which should predictably resultin more arrests, not fewer.
Additionally, citations and summons would obviously apply to less serious Part |1 crimes, such
as disorderly conduct, liquor violations, and loitering, not more serious Part | crimes where the
largest disparities exist.

Which is More Accurate?

Between the two data sources, CCH is more likely to reflect accurate arrest counts. First, CCH
records an arrest event in “real-time” as part of the routine booking process. Unlikethe UCR, it
is not a post-hoc administrative counting and reporting process. Arrest charge(s), arrest date,
and arresting agency are checked and verified across several agencies, including the arresting
agency, booking agency (jail), and the GCIC. Second, prior to a bond hearing, jurisdictions
submit fingerprintsto GCIC to verify the identity of the arrestee and determine if heiswanted,
particularly for persons arrested for a felony. Third, the GCIC operates a statewide quality
assurance program to monitor fingerprint submission and other GCIC reporting requirements
(such as submission of dispositions). According to GCIC, there has never been a statewide,
systematic reporting problem. Fourth, jurisdictions record and submit all arresting charges to
GCIC, avoiding the need to conduct any administrative review to classify offenses or determine
the most serious offense. While the CCH can in no way result in an error-free process, random
errors are not likely to account for such wide discrepancies between CCH and UCR counts of
arrests.

14 Uniform Crime Reporting Handbook (1984) pg. 60.
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While the observed disparities between UCR and CCH counts of arrests are significant, these
dramatic findings are not entirely inconsistent with prior research. Sherman and Glick (1984), in
astudy for the Police Foundation, conducted an intensive manual review of arrest recordsin four
jurisdictions. The audit showed two police departments undercounted the actual number of arrests
while the other department over-counted arrests. Table 3 displays the percentage of over/under
reporting of UCR arrestsfor thefour departmentswhich arelocated in four U.S. regions: Pacific,
Mountain, Northeastern, and Mid-Atlantic.

Table 3. Audit of Arrest Statistics in Four Police Departments:*
Percentage of UCR Under/Over Reporting by Department

Large Small Medium Large
Offense Pacific Mountain Northeastern Mid-Atlantic

Homicide -- - +100% --
Rape -11% -- +25% -60%
Robbery -12% -20% +27% -40%
Aggravated Assault -12% +167% +83% +143%
Burglary +8% -46% +36% -30%
Larceny -15% +7% -34% +13%
Auto Theft +6% -17% +10% +17%
Arson -- - - -
Total Part | Arrests -8% -11% +11% -1%
Other Assault -27% +43% -21% -10%
Drug Abuse +10% +600% +42% -12%
DUI +8% +1% -11% +100%
Total Part Il Arrests -1% +9% -14% +28%
Total Part | & Part Il Arrests -2% +5% -5% +14%

*Table adapted from Police Foundation "The Quality of Police Arrest Statistics" Report, August 1984. Large
Pacific and Large Mid-Atlantic refelct one month total; Small Mountain and Medium Northeastern reflect three
month total.

Across the board, a manual audit of arrest records revealed significant discrepancies between
UCR reports and paper records. For example, UCR robbery arrests were under-counted 40% in
onejurisdiction and over-counted 27% in another. The same pattern emergesfor burglary, where
error rates ranged from 46% under-reporting to 36% over-reporting. Based on thisinternal audit,
mail surveys, and site visits, Sherman and Glick (1984) concluded “ ...UCR arrest statistics
cannot be used to evaluate police performance by comparing one department’s arrest data to
that of other departments.” Sherman and Glick, along with other UCR investigators, contend
that organizational processes play an important role in shaping UCR crime and arrest counts:
automation, staffing, training, and effectiveness of local and state regulatory systems. Failureto
account for these forces and how they change over time has dramatic impact on policy questions
involving UCR data.

19



Law Enforcement UCR Survey

To assist in explaining the low correlation between UCR and CCH, surveyswere mailed to 630
Georgialaw enforcement agenciesin July 2003. Introduction |etters were mailed to the head of
each agency explaining the project and advising the reader that surveyswould be mailed to their
UCR classification representative. Agencies completing their survey by the deadline were
promised acopy of thefinal report. Introduction letterswere also mailed to the UCR classifier of
each agency, followed one week later by a survey and postage-paid return envelope. A three-
week deadline was given for survey completion. Reminder postcards were mailed the week of
the deadline (August 29, 2003). By the final deadline 384 surveys had been completed and
returned — a 61% response rate.

The survey included 58 questions divided into six sections. The first section dealt with staffing
and included questions about the number of UCR classifiers, salary, and level of experience. The
second section addressed training, and the third section asked questions pertaining to agency
automation. The fourth section covered questions specific to the agency including number of
employees and data collection practices. The final section asked about reporting practices,
including questions about the level of difficulty in completing monthly UCR reports. Whilethe
comprehensive nature of the survey precludes discussion on all findings, several areas of
importance will be discussed, including UCR classification, report submission, and agency
automation.

Law Enforcement Agencies Describe UCR Reporting

When the UCR survey was designed, it was believed that most agencies employ one or more
persons that are solely responsible for UCR classification and report submission. However, our
survey found that policies and procedures vary significantly by agency. The very first question
on the survey asked “How many people are responsible for classifying offenses as part of the
UCR program?’ Sixty-two percent of respondents reported that only one person within their
agency handled UCR classification. However, many agencies contacted ARS by phoneto discuss
their difficulty in answering this question. Unknown at the time of survey design wasthefact that
in many agencies, patrol officersare responsible for UCR classification. Callers advised usthat
officersin some agenciesare responsiblefor including the appropriate UCR classification codes
on their incident and arrest reports. So instead of a designated person(s) handling this task as
was earlier believed, patrol officers are responsible for UCR classification in many Georgia
agencies.

Overall, most UCR classifiers have a good deal of experience with classification (excluding
patrol officers where such data was not collected); 60% percent report five or more years of
experience. Only 13% report one year or less of classification experience. It also appears that
turnover isrelatively low in most agencies, with 75% reporting that the only one to two persons
have held primary responsibility for UCR classification over the past five years. Whileturnover
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rates appear to be somewhat low, salariesare also rather low. Nearly three-fourths of respondents
(non-sworn police officers) report salaries of $25,000 or less.

Training levels are aso low. Only 66% of respondents report that they have received GCIC
sponsored UCR training (including on-site and off-sitetraining). Thissuggeststhat one-third of
UCR classifiershave never received any form of GCIC sponsored training. |naddition to offering
off-site UCR training sessions, GCIC employs seven customer service representatives (CSR's)
across the state. An agency need only request a CSR and they will be provided with on-site
personal UCR training for their employees, free of charge. While this serviceisavailableto all
agencies statewide, only 14% of respondents said that they had requested such training within
the past two years. Whilethe survey did not include questions pertaining to the training of patrol
officers responsible for UCR classification, every agency that called ARS about this issue was
asked several questions pertaining to officer training. When asked if patrol officers received
GCIC sponsored UCR training, the answer in each casewas“no.” ARSwas advised that officers
either learn classification viain-service or through field officer training from their department.
Callerswerealso asked if they felt confident in the ability of the officersto appropriately classify
UCR offenses and arrest information, and in most cases the callers voiced concern that officers
are not appropriately trained for this task.

Thelack of UCR classification training clearly impacts confidenceto accurately classify offenses.
Respondents were asked to rank thelevel of difficulty in determining the elements of each of the
UCR Part | crimesusing a1-10 scale (with 1 being not difficult at all, and 10 being very difficult).
As shown on Table 4, between 13% and 28% of respondents rated each offense as difficult to
classify (level 4-10 on scale). The most difficult offense for classification was larceny/theft.
Despite the high levels of UCR experience by many Georgia classifiers, these data show that
more training is needed to increase understanding of UCR classification policies.

Table 4. Percent of Law Enforcement Classifiers Ranking
“Determing Elements of Crime” Difficult

Level of Difficulty

Offense 4-10
Larceny/Theft 28%
Assault 24%
Arson 22%
Burglary 20%
Forcible Rape 19%
Robbery 17%
Motor Vehicle Theft 15%
Criminal Homicide 13%

The survey not only showed that UCR classification practices vary acrossthe state, but also that
the submission of UCR reports also varies. Twenty-one percent of respondents submit their
monthly UCR reports electronically, while 79% complete paper reports. The survey did not
address actual agency practices for compilation of the monthly reports, but through phone calls
received by ARS, it is clear that agencies employ different strategies. We learned that many
agencies use software programs to tally their monthly reports. The software employed varies
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from very simplistic programs that only figure simple counts, to more complex programs that
include customized reports. Othersstill rely on hand-counts using paper reports and files.

Agency Automation

Law enforcement agenciesincreasingly use automation for the exchange of information. While
only 21% of respondents currently submit UCR reports electronically, 89% say they have an
Internet connection, and 65% have an agency e-mail account. Sixty-four percent report that
their agency maintains automated offense and arrest records. It appears that Georgia agencies
are moving towards automation, but there are still many agencies within the state that lack the
technology and resources for computer-based reporting.

Respondents Voice Concerns

In addition to all the information gathered through the UCR surveys, ARS also received nearly
50 phone calls from respondents during the survey process. A few callers had questions about
answering particular questions, but most wanted to talk about UCR reporting and express concerns.
The most common call wasto express concerns about patrol officers handling UCR coding, and
the lack of training and verification of the officer entries. Time concerns were also expressed
with great frequency. Many UCR classifiers stated that they are responsible for a multitude of
tasks at their agency, with UCR asonly onetask. They said that their supervisors de-emphasize
theimportance of completing the UCR forms accurately and in atimely fashionin favor of other
reguired tasks. Some al so wanted to talk about the confusion and difficulties of coding offenses
for UCR because UCR codes differ so much from state statutes. Others expressed frustration
with the time-consuming nature of the UCR forms and said they feel rushed to complete the
forms by the monthly deadlines, which they fear leads to inaccuracies.

Impact of UCR Program Characteristics on UCR-CCH Correlations

Survey responses support earlier findings that there is a considerable variation in UCR
administration within Georgia. Continuing with thisline of inquiry, the next step isto incorporate
thesurvey resultsinthe UCR-CCH cross-correlation analysis. Although not every law enforcement
agency returned a survey, a 61% response rate provides a representative sample. The survey
results were matched to the UCR and CCH records using the GCIC agency identifier (ORI).
Incorporating the survey results permits examination of the UCR-CCH correlationsfor different
agency characteristics, including urban/rural, department size, staffing, and automation support.
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Urban-Rural Differences

Since previous research has identified a closer correlation between the UCR and the NCVS
once structural influences are accounted for (urban socia structure)** we computed cross-
correlation functions between the UCR and CCH annual arrest figures separately for urban and
rural counties. Table 5 compares the correlations. It would appear that urban counties have a
closer correlation between their two measures of arrests for selected crimes, such as murder,
forgery, weapons offenses, gambling and liquor law violations. However, inrural countiesthere
iscloser convergence between the arrest figures particularly for sex crimes— rape, sex offenses
and prostitution. Rural counties also have substantially higher correlations between the arrest
figures for robbery and burglary.

Table 5. Cross Correlation Functions (CCF)* Between UCR & CCH
Arrests For Same Year: Urbran vs. Rural Counties

Urban Counties Rural Counties

Yearly Data Yearly Data

Arrests for 17 Offenses Correlations Correlations
Murder/Non-Negligent/Negligent Manslaughter 56 .33
Forcible Rape .49 .73
Robbery .79 .88
Aggravated Assault .76 .70
Burglary .68 .87
Larceny/Motor Vehicle Theft 81 .85
Forgery & Counterfeit 93 .75
Fraud .88 .85
Weapons -- Carrying or Possessing .83 .64
Prostitution & Commercialized Vice .50 73
Sex Offenses (Except Rape & Prostitution) 52 .60
Drugs .86 .88
Gambling .67 .33
Offenses Against Family & Children .85 .84
DUI .83 .84
Liquor Laws .79 .69
Disorderly Conduct .68 .66

*Both series are serially differenced; CCF presented for stationary series at lag 0.

Information Technology

Local information technology support is an important factor that could be influencing UCR
accuracy. Perhaps dependence on paper filesand manual processes could impact UCR timeliness
and accuracy. Table 6 displays the cross-correlations for agencies that report submitting UCR
reports via paper vs. automated submission.

15Cohen & Land, 1984.
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Table 6. Cross Correlation Functions (CCF)* Between UCR & CCH
Arrests For Same Year: Agencies with 1 Person Classifying UCR Offenses vs.
More Than 1 Person

1 Person More Than 1 Person

Classifies Classifies
Arrests for 17 Offenses Correlations Correlations
Murder/Non-Negligent/Negligent Manslaughter .81 .81
Forcible Rape .76 .54
Robbery .89 .83
Aggravated Assault .95 .76
Burglary .92 72
Larceny/Motor Vehicle Theft .87 .78
Forgery & Counterfeit .95 .93
Fraud .92 .90
Weapons -- Carrying or Possessing .97 .85
Prostitution & Commercialized Vice .83 .81
Sex Offenses (Except Rape & Prostitution) .81 .73
Drugs 93 97
Gambling 91 .19
Offenses Against Family & Children .92 72
DUI .96 .92
Liquor Laws .87 .76
Disorderly Conduct .69 .75

*Both series are differenced; CCF presented for stationary series at lag 0.

Identical to earlier correlations, there are no empirical regularities. While agencies submitting
electronic formsdo better for some crimes, thisis no guarantee. For many serious offenses, such
asrape, robbery, burglary, thereis no evidence to support the assumption that agencies submitting
paper forms exhibit higher correlations. However, a slightly different picture emerges among
counties with fully automated UCR systems (See Table 7). Automated agencies consistently
outperform non-automated agencies for most every Part | offense.

Table 7. Cross Correlation Functions (CCF)* Between UCR & CCH
Arrests For Same Year: Agencies Maintaining Automated Records vs. Not

Automated Non-Automated
Agencies Agencies
Arrests for 17 Offenses Correlations Correlations
Murder/Non-Negligent/Negligent Manslaughter .76 .13
Forcible Rape .58 .83
Robbery .87 .60
Aggravated Assault 91 .25
Burglary .83 .73
Larceny/Motor Vehicle Theft .90 .78
Forgery & Counterfeit .96 .89
Fraud 91 .79
Weapons -- Carrying or Possessing .90 51
Prostitution & Commercialized Vice .82 .67
Sex Offenses (Except Rape & Prostitution) .82 .73
Drugs .96 .95
Gambling .33 .98
Offenses Against Family & Children .93 77
DUI .96 .70
Liquor Laws .86 .71
Disorderly Conduct .76 .58

*Both series are serially differenced; CCF presented for stationary series at lag 0.
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Staffing

Investigators examining the accuracy of UCR crimesand arrests contend that staffing and training
figure prominently into the UCR accuracy. Untrained staff or disparate UCR policiesand practice
within the same department could have adramatic effect on UCR arrest accuracy. Thisisespecialy
key to ensure that agency classifiers understand and apply the UCR rules consistently. Table 8
compares the cross-correlations for departments relying on one classifier and those with more
than one classifier. The correlations suggest that single classifiers offer asingle, uniform standard
while multiple classifiers could promote greater inconsistenciesin UCR classification.

Table 8. Cross Correlation Functions (CCF)* Between UCR & CCH
Arrests For Same Year: Agencies Submitting to UCR Paper vs. Electronic

Paper Submission Electronic Submission

Agencies Agencies
Arrests for 17 Offenses Correlations Correlations
Murder/Non-Negligent/Negligent Manslaughter .52 72
Forcible Rape 71 42
Robbery .88 .82
Aggravated Assault .63 .80
Burglary .79 a7
Larceny/Motor Vehicle Theft .83 .86
Forgery & Counterfeit .96 .85
Fraud .84 .88
Weapons -- Carrying or Possessing .87 .84
Prostitution & Commercialized Vice .84 .76
Sex Offenses (Except Rape & Prostitution) .83 .75
Drugs .97 .89
Gambling .52 .88
Offenses Against Family & Children .93 .61
DUl .92 .95
Liquor Laws 77 .82
Disorderly Conduct 74 .65

*Both series are serially differenced; CCF presented for stationary series at lag 0.
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Chapter 6: Discussion

This study assessed the accuracy of Georgia UCR arrest statistics by comparing them to an
independent source of arrest data— Georgia's Computerized Criminal History (CCH) Records.
Sincethe CCH isacompilation of fingerprint-based arrest reports made by local law enforcement
officers and Georgia’'s UCR Program is an exact replica of the national UCR program, this
comparison will allow the Justice Department and the Georgia UCR Program to determine if
UCR arrest statistics provide an accurate indication of local and county arrest activity. All
comparisons of arrests are made based on the UCR offense classification and counting rules,
which were applied to the CCH data. In addition to the analysisof arrest data, this study included
asurvey of 384 local law enforcement agencies to examine organizational differencesin local
UCR program administration. Although the UCR arrest statisticsfigure prominently in directing
criminal justice decisions, study findings suggest that policy-makers should exercise considerable
caution in using UCR arrest statistics. Our examination of the correlation between UCR and
CCH arrest counts reveal s several important findings.

For most crimes, it would appear that UCR accurately measures whether the number of arrests
isincreasing or decreasing over time, but thereis no evidence that UCR counts of arrest reflect
the exact magnitude of arrest activity in Georgia. This narrow interpretation of UCR arrest
counts is the same caveat researchers have articulated about UCR reported crime statistics.
Consequently, if magnitudeis highly suspect, thereis some question asto whether arrest counts
should be used for arrest comparisons across jurisdictions. This limitation raises concerns as
government entities attempt to measure the relative effectiveness of federal and state funded
programs, such as multi-jurisdiction drug task forces and specialized prosecution programs,
using UCR arrest statistics.

It isevident that law enforcement agency characteristics impact the correlation between UCR
and CCH counts of arrests. For example, an agency’sreliance on asingle, experienced classifier
dramatically improves UCR-CCH correlations. Also, an agency’s method of UCR reporting has
been shown to influence data quality, with automated agencies more likely to produce similar
counts of arrest between the two data sources than non-automated agencies for nearly every
category of serious crime arrests.

What Could Produce These Results?

With such dramatic differences between UCR and CCH counts of arrests, as indicated by low
correl ations between the two measures, one hasto immediately question the study methodol ogy.
Could these findings reflect a methodological artifact? More importantly, the wide disparities
are only meaningful if CCH, as an independent source, reflects an accurate count of persons
arrested in Georgia. Although thisissue has been covered in earlier sections, it warrants further
discussion.
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Fingerprint Policies

One potential methodol ogical problem when comparing arrests acrossthe UCR and CCH isthat
Georgialaw does not require agenciesto fingerprint every arrestee. Arrests for city ordinances
and selected misdemeanorsdo not result in afingerprint and GCIC criminal history submission,
thus they are not included in the CCH data. To complicate matters, UCR rules require agencies
to count ordinance arrestsif the violation could also constitute amisdemeanor, such asdisorderly
conduct, public drunkenness, liquor laws, and vagrancy in Georgia. This difference across the
two data sources could make it difficult to compare arrests for low-level offenses. If UCR
definitions include al ordinance violations and misdemeanors, one would expect more UCR
arrests than CCH — an assumption supported by the datafor low-level crimes.

However, such fingerprint policies should have no impact on either the UCR or CCH count of
arrests for Part | and serious Part Il crimes since local agencies must fingerprint all arrested
felons. Yet the study uncovers significant discrepancies between the two counts of arrests for
felony crimes. Drug violationsin particul ar present unique concerns. Since 1997, the CCH shows
an 8% increase in drug arrests while the UCR shows a 12% decrease. A discrepancy in drug
arrest countsis surprising since all Georgiadrug violators are fingerprinted. However, in some
urban jurisdictions, marijuana possession (less than 1 ounce) may be treated as a municipal
ordinance violation. In such cases, it is possible the agency does not submit afingerprint to the
GCIC even though the agency would still report the drug possession arrest to the UCR. Yet we
cannot explain why CCH drug arrest counts are higher than UCR counts, which is counter-
intuitive since the UCR count could include non-fingerprinted drug arrests.

Different Definitions of Arrest

Under UCR classification rules, an arrest is considered any event in which aperson is processed
by arrest, citation, or summons. CCH records an arrest only for personsfingerprinted. Whilethis
definitional difference could explain the observed UCR-CCH differences, three reasonsrule out
thisexplanation of thefindings. First, survey results show that only 17% of the agenciesactually
apply the broad UCR arrest definition which includes citations and summons; 78% apply the
narrow GCIC “in-custody” definition. Second, citations and summons, while used for less serious
offenses, cannot explain differences observed for felony arrests, since law enforcement do not
issue citations/summonsfor felons. Third, if citations/summonswere accounting for UCR-CCH
differences, one would expect to observe higher UCR arrest counts as a result of the broader
arrest definitions. Yet, UCR arrest counts consistently fall below CCH counts for most crimes
despite the narrow CCH “in-custody and fingerprinted” definition.

Variations in Local UCR Administration
Policy-makers and scholars have assumed that an arrest event isan easily measured activity that

is free from the accuracy problems associated with crime statistics. However, this study shows
that there is considerable variation in local UCR program administration, and thus the counting
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of arrest events. These administrative variations, when taken together, are probably contributing
to disparities observed between the UCR and CCH counts of arrests. Several findings deserve
attention.

= Survey findings show that many agencies rely solely on patrol officers to assign the
appropriate UCR offense code for purposes of reporting arrests to the UCR program.
This practice hasthe potential toimprovethetimeliness of UCR reporting by avoiding
the use of additional classification personnel to review and/or assign codes after
reviewing the arrest report. However, such improvements are only possibleif officers
understand the subtle differences between Georgia legal code and UCR offense
definitions. According to UCR coordinators, patrol officersare not trained by GCIC to
assign UCR codes. While GCIC offers numerous in-house and on-site UCR training
classes, the local agency management decides who will attend the training class —the
office clerk, sworn officers, or other designee.

= Only 21% of the responding Georgia agencies submit monthly UCR reports
electronically. Yet automated agencies out-perform non-automated agenciesin producing
similar counts of UCR and CCH arrests. While the evol ution of the UCR program from
apaper to an automated processwould appear to increase UCR accuracy, technological
needs at the local level remains a critical issue — our survey shows one out of ten
agencies still lacks an Internet connection.

= Although 60% of UCR classifiers report that they have at least five years of UCR
classification experience, one-third have never attended GCI C sponsored UCR training.
Thistraining deficiency is evident when one out of four classifiers reports significant
difficulty in classifying larceny/theft, assault, and arson arrests. It remains unknown
whether this training deficit is the result of local agencies not taking advantage of
GCIC offersfor help or if Georgiasimply does not fund training at sufficient levelsto
meet the need. GCIC provides annual statewide training, and additional conference
training when funds permit. They routinely encourage agencies to request training in
addition to the one-on-onetelephonetraining they provide. GCIC also conducts special
training for requesting agencies and makes direct offers for training if their internal
quality assurance monitoring identifies an agency problem. It may simply be that the
already overburdened local agency personnel do not havethe timeto attend the offered
training.

= 8% of responding agencies still submit UCR forms directly to the FBI, delaying the
mandated GCIC screening process. Since the FBI will return reports not processed on
thestatelevel first, thispractice simply preventsthe state from identifying and correcting
reporting errorsin atimely manner for anumber of agencies.




Where to Go From Here?

Since 1980, Georgia law enforcement agencies have submitted over 300,000 monthly UCR
crimeand arrest reports. Still, Georgiastruggleswith basic UCR program administration problems
—typified by the fact that less than one half of our agencies met the FBI’s submission deadline
for inclusioninthe 2002 annual arrest report. Despite concerted GCIC effortsto impose uniform
standards and provide statewide training, agencies still operate asisolated collection pointsfor
the state’s crime and arrest data.

Some contend that the national trend toward replacing the current summary UCR method of
counting crimes and arrests with a more in-depth incident-based reporting system (the FBI's
National Incident-Based Reporting System or NIBRS) holds promise for improving crime and
arrest data. NIBRS is designed to enhance the quality and timeliness of national crime data
using animproved collection methodol ogy. Undoubtedly, NIBRSisapotential solution to many
documented UCR problemsin counting arrests. NIBRS offers the following enhancements: 6

Collecting arrest details for index crimes plus 49 other offenses.

Recording each offense occurring in the incident — not just the most serious.

Restructuring and improving the definitions for several crimes (rape, assault).

= Collecting weapon information.

The NIBRS cornerstoneisthe collection of detailed information on each offenseinvolved in the
arrest incident, along with detailed information about the victim(s), method-of-operation, property
values, and offender. At thecrimeanalysislevel, these enhancements offer dramatic improvements
inthe 70-year old UCR program. The present study, however, rai ses serious questions about the
capacity of local agenciesto support the additional administrative burden required under NIBRS.

NIBRS s far from being a “new” crime and arrest reporting program in Georgia, where only
one agency currently participates in the FBI's NIBRS initiative. More interesting, our survey
findingsindicate that 60% of Georgia's UCR program coordinatorsare not even aware of NIBRS.
Despite the fact that GCIC isready and willing to work with any agency interested in incident-
based reporting, the NIBRS program is not likely to improve what appears to be fundamental
program funding and training problems. Admittedly, this study does not offer any evidence that
NIBRSwould not improvethe current data problems, but it does show that local 1aw enforcement
agencies have yet to master the most basic UCR counting requirement —how many arrestswere
madein Georgialast year? Dedicated UCR funding and staff at thelocal level (giventhetimeto
complete the task and be sufficiently trained), improved technology at the local agency level,

16 Rantala, RamonaA. and Thomas J. Edwards (2000).
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additional training, creating statewide UCR classification rules, as well as other administrative
remedies, would probably improve the quality of Georgia's arrest data far more than increasing
the complexity of data collection.
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